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- In this course we will study and apply data science methodologies in a project
centered manner. We’ll first cover the different parts of the workflow, with an
emphasis on the following stages:

Data cleaning and exploratory analysis

Feature engineering and generation

Creating a machine learning based solution, tuning it an analysing it.

The course then moves on to a more applied part, made of a group project.
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Gaining an understanding of and experience in the tasks involved in an end to end
data science project.
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Lead end to end projects in the field of data science.
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Exploratory data analysis: visualization of features of different kinds, analysing
inter-feature relationships.

Feature engineering methods: transformations, aggregations, data type dependent
enrichment (geospatial, categorical and so on), imputation methods.

Machine learning modeling: selecting a model, fitting our dataset to it,
hyperparameter search methods, ensembling methods.

Model analysis and comparison: success metrics, feature importances and error
analysis.
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